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Template-based Approaches
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Cellular Tomography
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The "volume percentage" is not completely accurate because of the 
elongation in Z.  Estimate from comparing XY with Z is that it is ~1.5 X 
smaller. Corrected numbers are in brackets. A (corrected) fraction of 
0.25 approximately translates to an average distance between filament 
centers of ~3 times its diameter (~30 nm).  

volume fraction of actin filaments in bundles:
wt:     0.233 +/- 0.073      (0.153)
mut:  0.362 +/- 0.116       (0.242)

volume fraction of actin filaments in protrusions:
wt:    0.287 +/- 0.095       (0.191)
mut:  0.384 +/- 0.084      (0.256)

t-tests indicate p << 0.0001 for wt versus mut
protrusion versus bundle

mut: p =  0.0863 (-> statistically no difference)
wt:   p << 0.0001
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